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Topic Discovery and Trend Analysis in Scientific Literature Based on Topic

Model
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(Dept. of Computer Science & Engineering, Shanghai Jiao Tong University, Shanghai 200240, China)
Abstract: Automatically extracting topics from scientific literature and finding the research trends
will help researchers a lot. In this paper, we use LDA model to generate topics from the scientific
literature; then calculate the strength and impact of the topic; finally, find the trends of the hot
topics vs. cold topics, high vs. low impact topics. The method of calculating topic strength and impact
is suitable for any document. The experiments on ACL anthology have shown the research trend in
computational linguistics. And the contrast experiment also proved the proposed calculating method.
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