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SYSTEM OVERVIEW

• Maximize the recall
• Maximize the precision
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ALGORITHM

Pre-processing
Clean the data:

1. Noisy First or Last Names
2. Mistakenly Separated or Merged Name Units
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ALGORITHM

Improving the Recall
String-based Consideration:

1. Levenshtein Edit 
Distance

2. Soundex Distance
3. Overlapping Name 

Units
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Name-Specific Consideration:
1. Name Suffixes and 

Prefixes
2. Nicknames
3. Name Initials
4. Asian Names and 

Western Names



ALGORITHM

Improving the Precision
Meta-Path-based Similarity:

The selected meta-paths are 
APA, AOA, APAPA, APV PA, 
APKPA, APTPA and APY PA. 
The weights for them are 
decreasing progressively.
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ALGORITHM

Improving the Precision
Ranking-based Merging

We do a scan from the top ranked ID pair to the lower ranked ones to help 
infer the author entity. And we will skip the conflict IDs, find one that has 
high similarity but also passes the name matching comparison, we believe 
these two IDs having high probability to be the real duplicate. After that, if 
A is the duplicate of B and B is the duplicate of C, we will consider that a is 
the duplicate of C.
Another important strategy is to expand the author names corresponding 
to the IDs once we are confident about two IDs to be the duplicate. This 
idea is useful because it can help avoid the mistakenly detected conflicts.
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ALGORITHM

Post-processing
Unconfident duplicate author IDs should be removed even though 
their names are compatible and their meta-path- based similarity 
scores are acceptable. This step is crucial in that the later iterative 
framework requires highly confident output to gradually refine the 
results. 
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ALGORITHM

Iterative Framework
An iterative framework which takes the detected duplicates of the 

last iteration as part of the input:
1. we are able to generate much better meta-path-based similarity 

scores
2. recall the name expansion module introduced at the end of the p-

step
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CONCLUSION
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We have tried to disambiguation the author name, and we have found a 
better algorithm which is undoubtedly practical in KDD Cup Data Mining 
Contest 2013. But there is still lots of work need to be done. In the future, 
we need to adjust the code to our database, and we need to change 
some of the parameters to obtain the best result. I am looking forward to 
the day we complete the work, and I am firmly believed that our work will 
turn out to be a very important improvement of the Acemap.
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Q&A
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Thank You!
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