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Recognition of Chinese Organization Names and Abbreviations

SHEN Jiayi', LI Fang', XU Fei-yu’, Hans Uszkoreit®
(1. Department of Computer Science and Technologyp; Shanghai JiaoTong University, Shanghai 200240, China;

2. German Research Center for Artificial Intelligence)

Abstract This paper proposes a method for recognizing Chinese organization names and their abbreviations based on
rules. The right boundary of an organization name is identified with the help of the organization suffix lexicon. The
left boundary is recognized by the optimum rules based on Bayesian probability model. After idendifying an organiza-
tion name, we can get candidate abbreviations based on abbreviation rules accordingly. In open test, the recall is
85. 19%, the precision is 83. 03%, the F Measure is 84. 10% for name recognition, and the recall is 67. 18%, the
precision is 74. 14% for abbreviation recognition. This method has been applied in the Chinese relation identification
sy stem.
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